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Abstract 
Modern information and communication technologies (ICT) help to overcome the 
traditional temporal and spatial boundaries of work. However, the same ICT enable 
employees to engage in work-related activities during non-work time. Given the huge 
amount of evidence regarding the negative consequences, paired with the political will to 
limit this behavior, it is surprising that research on its antecedents has remained scarce. 
Drawing on an extended theory of planned behavior the study addresses this gap. The 
results indicate that intention is the main driver, even when the behavior partly occurs 
on a habitual level. Intention, in turn, is determined by individuals’ attitude toward the 
behavior, perceptions of control and subjective norms. The proposed model remains 
robust regardless of gender and organizational distribution of ICT. The study contributes 
to a growing research stream that examines work connectivity behavior during non-
work time. 
Keywords: work connectivity behavior during non-work time, work-related ICT use, TPB 
Introduction  
The rapidly accelerating digitization of work not only changes business processes but also fundamentally 
shapes the working behavior of individuals. Modern information and communication technologies (ICT) 
like smartphones, tablet computers and laptops, paired with the fast-growing internet coverage, enable 
individuals to shift work beyond longstanding temporal and spatial boundaries (Gadeyne et al. 2018; Xie et 
al. 2018). Today, with the help of ICT, many work tasks can be done at any time and from any place (Blount 
2015; Messenger and Gschwind 2016). However, the same ICT come along with norms and expectations of 
constant connectivity (Dery and MacCormick 2012; Leonardi et al. 2010), extending employees’ cognitive 
and emotional engagement in their work into non-work time and spaces which are normally reserved for 
private life (Schlachter et al. 2018). Despite the growing prevalence of this phenomenon and a number of 
investigations on its consequences, there has been little research on its antecedents (Ďuranová and Ohly 
2016; Schlachter et al. 2018). In consequence, much uncertainty remains about the factors that drive 
individuals to stay connected to work with the help of ICT during non-work time, even without any 
contractual obligation to do so. This lack of knowledge is problematic, as only if we understand the 
underlying factors it is possible to create effective policies that will influence them. 
Individuals’ work connectivity behavior (WCBA) has attracted considerable interest within the fields of 
information systems (IS) and occupational psychology. It is defined as an organization member’s informal 
use of ICT (e.g., laptop, smartphone, or tablet) to engage with work or work-related activities (e.g., work-
related mobile communication, using mobile office functions, or mobile information searches) during non-
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work time (e.g., evenings after work, weekends, or vacations) (Richardson and Benbunan-Fich 2011). Thus, 
the concept bundles technology artifacts, as it refers to various ICT and their applications. In the 
interdisciplinary literature the concept has also been termed “work-related technology use during non-work 
time” (Schlachter et al. 2018), “work-related communication technology use outside of regular work hours” 
(Wright et al. 2014), “technology-assisted supplemental work” (Fenner and Renn 2010) or “persistent work-
related technology use” (Ďuranová and Ohly 2016). All of these concepts emphasize the informal character 
of WCBA, implying that it supplements, rather than substituting for regular work (Fenner and Renn 2010; 
Schlachter et al. 2018). In line with recent literature reviews (Ďuranová and Ohly 2016; Schlachter et al. 
2018) I consider all of those terms to be interchangeable. They all refer to the above mentioned definition 
of WCBA. However, the term WCBA is used to highlight the behavioral element of the concept (Richardson 
and Benbunan-Fich 2011) and to differentiate the current research from other related constructs, such as 
the perceptions of workplace telepressure (Barber and Santuzzi 2015; Grawitch et al. 2018). 
Indeed, WCBA has some positive associations, such as a increased flexibility in managing work demands 
and increased efficiency (Boswell and Olson-Buchanan 2007; Schlachter et al. 2018). Besides these positive 
aspects, previous research on WCBA has primarily applied an occupational health perspective and found 
much evidence that WCBA comes with negative consequences for individuals. For instance, it becomes 
harder to detach mentally from work during non-work time (Barber and Jenkins 2014; Mellner 2016; 
Sonnentag and Fritz 2015), resulting in the emergence of work-to-family conflicts (Berkowsky 2013; 
Boswell and Olson-Buchanan 2007; Fenner and Renn 2010; Richardson and Thompson 2012). 
Furthermore, research has found negative outcomes on employees’ recovery (Ďuranová and Ohly 2016; 
Sonnentag 2001) causing negative effects on their psychological and physiological well-being (Arlinghaus 
and Nachreiner 2014; Ďuranová and Ohly 2016). Stimulated by an increased awareness of these risks, 
several countries (e.g., France, Belgium, Germany) and companies (e.g., Volkswagen, Puma, Atos) have 
recently voiced the aim of limiting WCBA (Gadeyne et al. 2018).  
Given the huge amount of knowledge regarding the negative consequences of and the political will to limit 
WCBA, it is surprising that its antecedents are not clearer (Ďuranová and Ohly 2016; Schlachter et al. 2018). 
Only a small number of cross-sectional studies have examined some of them in detail. For example, 
Richardson and Benbunan-Fich (2011) found that WCBA is related to the distribution of wireless enabled 
devices by the organization and subjective norms about connectivity. Senarathne Tennakoon et al. (2013) 
suggested an association between WCBA and segmentation preference as well as workplace flexibility. Chen 
and Casterella (2019) recently found that WCBA increases when technology affords lower levels of 
immediacy and greater levels of reprocessability, concurrency and rehearsability. However, research on 
WCBA is still emergent and dispersed across disciplines and is without a clear theoretical foundation 
(Schlachter et al. 2018). The mechanisms that underpin WCBA are still poorly understood (Ďuranová and 
Ohly 2016). Only if we understand them, it is possible to create effective policies that influence WCBA, 
thereby preventing individuals from potential negative consequences. 
The current contributes to a growing research stream that examines the use of ICT to engage in work-related 
tasks during non-work time (Boswell and Olson-Buchanan 2007; Fenner and Renn 2010; Gadeyne et al. 
2018; Mazmanian 2013; Richardson and Thompson 2012; Schlachter et al. 2018). More precisely, drawing 
on the theory of planned behavior (TPB) as an overarching framework (Ajzen 1991), the present study aims 
to shed light on the intentional mechanism that leads to WCBA, a working behavior that is neither covered 
by a formal contract nor financially compensated. Thereby, I extend the TPB by workplace flexibility and 
segmentation preference as domain-specific background factors (Schlachter et al. 2018). In addition to the 
intentional mechanism, habit strength is included in the research model, as ICT usage behavior—when use 
is shown repeatedly in response to the same recurring situation—may take on an increasingly habitualized 
nature (Limayem et al. 2007). This integration adds depth to the TPB’s focus on intention as the major 
mechanism that explains behavior. In sum, the study develops and tests a sophisticated model that provides 
valuable insights into why individuals perform WCBA. 
Theoretical Framework and Development of Hypotheses 
The Theory of Planned Behavior  
WCBA can be understood from the standpoint of the TPB (Ajzen 1991), one of the most influential models 
for explaining and predicting individuals’ behavior (Ajzen 2011; Armitage and Conner 2001). At the most 
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fundamental level, the TPB tries to explain why a person performs a specific behavior (Fishbein and Ajzen 
2010). Overall, the theory has received extensive empirical support. Many meta-analyses have confirmed 
its predictive power across a variety of behavioral domains (Armitage and Conner 2001; Overstreet et al. 
2013). Its causal structure for understanding behavior has also been applied to a wide range of technology 
related behaviors, including ICT use (Morris and Venkatesh 2000), electronic consumer behavior (Pavlou 
and Fygenson 2006), social media use (Cheung and To 2016), instant messaging behavior (Lu et al. 2009), 
microblogging (Jiang et al. 2016) and cyberloafing (Askew et al. 2014). Therefore, a major strength of the 
TPB is its broad applicability. I expect the TPB to be also a fruitful framework to understand why individuals 
perform WCBA. Because of the lack of a clear theoretical foundation of WCBA so far (Schlachter et al. 2018), 
this major social-cognitive theory was chosen for its ability to capture a broad-range of driving motivational 
factors. Furthermore, WCBA has been shown to occur in a socio-normative context (Richardson and 
Benbunan-Fich 2011; Schlachter et al. 2018) and the TPB is able to cover that. Another major advantage of 
the TPB is, that the theory can also capture behavioral categories (Fishbein and Ajzen 2010) and WCBA is 
operationalized as such (Ďuranová and Ohly 2016; Schlachter et al. 2018). Furthermore, the TPB is open 
for inclusion of additional predictors (Ajzen 1991, 2011) that are necessary to capture potential domain-
specific factors of WCBA.  
According to the TPB (Ajzen 1991), behavior is a function of salient information relevant to a specific 
behavior. Behavior is determined by the intention to perform the behavior in question. The basic 
assumption is that an individuals’ intention to perform a certain behavior captures the motivational factors 
that influence the behavior in question. Behavioral intention is in turn determined by individuals’ (1) 
attitude toward the behavior, (2) subjective norms and (3) perceived behavioral control. In general, the 
stronger the perceived behavioral control and the more favorable the subjective norms as well as the 
attitudes toward the behavior, the stronger an individuals’ intention to perform the behavior should be and 
the more likely its actual performance (Ajzen 1991). Thereby, I follow a proxy view of technology, focusing 
on how technology artifacts and their use is viewed by individuals (Orlikowski and Iacono 2001). More 
specifically, I investigate individuals’ perceptions of WCBA to better understand what motivates them to 
perform it. 
To apply the TBP, the first step is to define the behavior or behavior category of interest clearly (Fishbein 
and Ajzen 2010). It is appropriate to define WCBA carefully in terms of its target, action, context and time 
(TACT) elements that describe the behavioral criteria (Ajzen 2011; Fishbein and Ajzen 2010). The four 
TACT elements of WCBA can be derived from the literature (Ďuranová and Ohly 2016; Richardson and 
Benbunan-Fich 2011; Richardson and Thompson 2012; Schlachter et al. 2018). First, the action of WCBA 
can be defined as an organization member's informal use of ICT like laptops, smartphones or tablets. 
Second, the target of WCBA is to engage with work or work-related activities, such as work-related mobile 
communication, using mobile office functions or mobile information searches. The context is the non-work 
time, such as mornings before work, evenings after work, weekends, or vacations. The time horizon in the 
current study is two months. This definition of WCBA in terms of the four TACT elements will guide not 
only the way it is conceptualized but also how the behavior is assessed by the participants (Fishbein and 
Ajzen 2010).  
The most central factor in the TPB is an individual’s intention, characterized as an estimate of the 
(subjective) probability of performing a given behavior (Fishbein and Ajzen 2010). Intention captures a 
person’s readiness to perform a given behavior (Ajzen 2011). Although the relationship between the 
behavioral intention and the actual behavior is not a perfect one, intention provides an accurate prediction 
of the actual behavior. The intention-behavior relationship has found extensive empirical support across a 
variety of behavioral domains and is well established in the field of IS research, which explains technology 
acceptance and usage behavior (e.g., Davis 1989; Venkatesh et al. 2012). The basic assumption is that the 
stronger the intention to engage in a behavior, the more likely should be its performance (Ajzen 1991; 
Fishbein and Ajzen 2010). Therefore, I argue that the intention to perform WCBA triggers the performance 
of WCBA. Based on this fundamental assumption, I hypothesize as follows: 
H1: Behavioral intention is positively related to WCBA. 
More than any other psychological construct, attitude has become a central component in attempts to 
explain behavioral intention (Fishbein and Ajzen 2010). Attitude examines an individual's disposition 
toward the behavior and can be defined as “the degree to which a person has a favorable or unfavorable 
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evaluation or appraisal of the behavior in question” (Ajzen 1991). Attitude is assumed to affect behavior 
indirectly through behavioral intention. This attitude-intention relationship has found substantial 
empirical support among a wide range of behavior domains. Attitude captures individuals’ beliefs about the 
consequences executing the behavior. In line with the theory, I argue that individuals form positive attitudes 
toward WCBA when they believe that they will receive a positive outcome if they perform the behavior. For 
example, WCBA can serve as extracurricular face time, creating advantages for employees (Elsbach et al. 
2010). Drawing on these considerations, I hypothesize:  
H2: Attitude toward WCBA is positively related to behavioral intention.  
A major advantage of the TPB, compared to other intention-based theories, is the inclusion of subjective 
norms. Subjective norms are perceived social pressures to perform or not to perform the behavior (Ajzen 
1991). There is meta-analytical evidence that normative pressure from subjective norms inevitably affects 
our behavior (Manning 2009). Subjective norms not only influence the way we dress, how we vote and what 
we buy (Manning 2009), they also describe how individuals should behave in the business context 
(Cropanzano and Mitchell 2005).  
The inclusion of subjective norms is crucial as they have been shown to influence ICT usage behavior 
(Schepers and Wetzels 2007; Venkatesh 2000), sometimes even more than attitudinal variables (Lucas and 
Spitler 1999). There is also some evidence that subjective norms play a crucial role in the context of WCBA 
(Richardson and Benbunan-Fich 2011; Schlachter et al. 2018). Matusik and Mickel (2011) found that the 
perceived pressure regarding ICT use is more frequently reported with a high number of different 
expectation sources. There are indications that both colleagues and supervisors are important social 
referents that influence an individual’s technology use in general (Morris and Venkatesh 2000) and WCBA 
in particular (Derks et al. 2015). For employees who experience pressure from their supervisors, it might 
be difficult not to comply because supervisors are often considered to be respected and authoritative figures 
(Derks et al. 2015; Ďuranová and Ohly 2016). In addition, meeting supervisors’ expectations can lead to 
higher performance evaluations (Turner 2006), thus facilitating career success (Ng et al. 2005). When 
colleagues expect employees to show WCBA, it might be difficult not to comply because they want to be part 
of the social group (Derks et al. 2015). Hence, I hypothesize:  
H3: Subjective norms regarding WCBA are positively related to behavioral intention. 
In line with the TPB, perceived behavioral control (PBC) is defined as “people’s perception of the degree to 
which they are capable of, or have control over, performing a given behavior” (Fishbein and Ajzen 2010). 
Thus, it covers aspects of capacity and autonomy. Perceived capacity refers to the degree to which 
individuals believe that they are able to perform a behavior, and perceived autonomy refers to the degree 
to which individuals believe that they have the control over their behavioral performance (Yzer 2012). 
Individuals with high perceived behavioral control are expected to be motivated to perform the behavior in 
question and to be perseverant in their attempts to do so (Yzer 2012). Perceived behavioral control can 
serve as a proxy for actual control and leads to an increased intention to perform the behavior (Ajzen 2002a, 
2002b; Fishbein and Ajzen 2010). When employees have more control to engage in WCBA, they face fewer 
barriers in doing so. I argue that a high level of perceived control should strengthen an individual’s intention 
to perform the WCBA, so I hypothesize: 
H4: Perceived behavioral control regrading WCBA is positively related to the behavioral intention. 
Extension of the Theory of Planned Behavior 
A major strength of the TPB—but also its weakness—is its broad applicability. The TPB has been criticized 
as a non-complete model. The most substantial limitation is that the TPB may neglect important domain-
specific behavioral predictors in any particular context (Rocheleau 2013). However, according to Ajzen 
(1991, 2011), the TPB is open to the inclusion of additional predictors, such as habit strength and other 
background factors, that are considered to be relevant to the behavior in question. A recent conceptual 
paper suggested habit strength, workplace flexibility and segmentation preference to be major determining 
factors of WCBA (Schlachter et al. 2018). Therefore, I carefully integrate them into the TPB as domain-
specific background factors , resulting in one unified domain-specific framework. This integration helps to 
Explaining Work Connectivity Behavior during Non-Work Time 
 Fortieth International Conference on Information Systems, Munich 2019 5 
overcome the theory’s boundary conditions and to strengthen our theoretical understanding of why 
individuals perform WCBA.  
The Role of Habit Strength  
Although Ajzen (1991, 2002b) has repeatedly argued that intention is the main predictor of a behavior, 
nowadays the TPB is open for the inclusion of habit into the theory (Ajzen 2011). As some IS scholars have 
challenged the major role of behavioral intention as the key predictor of ICT use (Limayem et al. 2007; 
Venkatesh et al. 2012), I add habit strength to the current research model. In the literature habit is defined 
as “the extent to which people tend to perform behaviors automatically because of learning” (Limayem et 
al. 2007, p. 705). 
While the proposition that habits play an important role in the explanation of behavior arose decades ago, 
it has seen only little attention in the literature (Bruijn et al. 2009), perhaps because of the long absence of 
a validated measure of the habit construct (Ajzen 2002b). However, progress in the measurement of habit 
strength (Verplanken and Orbell 2003) allows for its assessment using survey data (Bruijn et al. 2009). 
Some authors have argued that WCBA has the potential to be triggered by a habit without much conscious 
thought (Ďuranová and Ohly 2016; Schlachter et al. 2018). Indeed, some qualitative studies have expressed 
the habitual character of WCBA to some extent (Matusik and Mickel 2011; Mazmanian et al. 2005). 
Therefore, it may be possible that WCBA occurs on a habitual level. Once the intention to perform WCBA 
becomes well established, it may be activated more or less automatically with little awareness and minimal 
attention, so the more often an individual performs WCBA, the more likely is that it will become a habit to 
some extent. However, this does not suggest that the other TPB predictors lose their importance; it means 
only that individuals do not review their behavioral, normative, and control beliefs prior to every enactment 
of a frequently performed behavior, but that these behaviors are sometimes activated automatically (Ajzen 
2002b). Therefore, I argue that both intention and habit have direct effects on WCBA, an argument that is 
grounded on long established psychological thoughts that people sometimes have multiple guides to action 
(Bandura 1985; Ouellette and Wood 1998). As there is also empirical support for the direct effect of habits 
on IS continuance usage behavior (Limayem et al. 2007), it I hypothesize as follows: 
H5: Habit strength is positively related to WCBA. 
The Role of Workplace Flexibility  
Workplace flexibility refers to employees’ flexibility in terms of where and when to conduct their work, with 
flexplace and flextime as the two major forms (Allen et al. 2013; Hill et al. 2010). Flexplace involves 
employees substituting a portion of their contracted work hours to work away from a central workplace 
(Allen et al. 2015). Flextime, also referred to as schedule flexibility or schedule control, allows full-time 
employees to choose to some extent how their total contracted work hours are allocated relative to a 
traditional work schedule (Kossek and Thompson 2016). 
In a recent literature review, Schlachter et al. (2018) argued that workplace flexibility could play a major 
role in the context of WCBA, but they found only one empirical investigation that captures this issue. 
Senarathne Tennakoon et al. (2013) found a significant effect of workplace flexibility on WCBA. However, 
an explanation for the mechanism is still missing. The current study adds workplace flexibility as a 
background factor (Ajzen 2011) that influences subjective norms.  
This relationship can be understood from a social exchange perspective, one of the most influential 
conceptual paradigms for understanding individuals workplace behavior (Colquitt et al. 2014; Cropanzano 
and Mitchell 2005). This perspective indicates that if individuals receive a resource from their organization, 
they feel obliged to “repay” their organizations. Research has argued that workplace flexibility is a highly 
valuable resource that is commonly exchanged across different organizations (Allen et al. 2013; Gajendran 
et al. 2015). I argue that recipients of workplace flexibility are likely to feel obligated toward the organization 
that, approved of their special work arrangements (Gajendran et al. 2015). As a reciprocal reaction, 
employees rewarded with workplace flexibility may think that they are expected to repay their organizations 
by performing WCBA. Indeed, there are also some empirical indications that this notion applies to 
employees who enjoy a high degree workplace flexibility (Fonner and Roloff 2012; Leonardi et al. 2010). 
Hence, I hypothesize: 
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H6a: Flextime is positively related to subjective norms regarding WCBA.  
H6b: Flexplace is positively related to subjective norms regrading WCBA. 
The Role of Segmentation Preference  
Boundary theory suggests that individuals vary in their preferences for segmentation versus integration of 
work and private life (Ashforth et al. 2000). A high segmentation preference expresses the desire to draw 
clear boundaries between work and private life (Kreiner 2006). The literature on WCBA has found that 
employees who have a high segmentation preference tend to perform WCBA to a lower extent than those 
who have a preference for integrating work and private life (Schlachter et al. 2018). There is qualitative as 
well as quantitative evidence for this relationship (Adkins and Premeaux 2014; Golden and Geisler 2007; 
Senarathne Tennakoon et al. 2013). However, the mechanisms that underlie the relationship between 
segmentation preference and WCBA remain unclear. I argue that the relationship between workplace 
flexibility and WCBA is more complex than simple direct effect would suggest. 
In the current study, segmentation preference serves as another TPB background factor. I argue that people 
who prefer a segmentation between work and private life evaluate WCBA negatively. I theorize that 
individuals who have a high segmentation preference form negative attitudes toward WCBA, because of its 
boundary-spanning nature. This view is in line with the literature that characterize WCBA as a boundary-
spanning demand, shaping the boundaries around individuals’ private lives by making these boundaries 
more permeable (Leung and Zhang 2017; Schlachter et al. 2018). Thus, it is hypothesized: 
H7: Segmentation preference is negatively related to attitude toward WCBA.  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Study Design and Method 
A convenience sample consisting of white-collar workers located in Germany is used to test the theory. 
White-collar workers are appropriate subjects, as WCBA is most relevant to this population (Fenner and 
Renn 2010; Schlachter et al. 2018). Assessing WCBA in a natural setting has the potential to produce high 
external validity (King and He 2005). To qualify for the study, participants had to indicate that they are not 
contractually obliged to perform WCBA (e.g., on-call duty) and to indicate, that they have the technical 
opportunity to make and receive work-related contacts during non-work time and have access to work-
related content via ICT, even if this opportunity is not used (Schlachter et al. 2018).  
 
Figure 1.  Research Model 
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The participants responded to online questionnaires at two points in time, with a time lag of two months. 
The relatively long time lag was necessary to ensure inclusion of several weekends and public holidays, 
when it was possible to show WCBA. In line with other TPB studies, only the behavior (WCBA) was 
measured during the second measurement point. This is a remedy to avoid common method bias affecting 
the intention-behavior relationship (Podsakoff et al. 2003). Thus, the behavioral data stems from the 
second measurement point and the data for all other variables from the first one. At the first measurement 
point, the convenience sample consists of 336 participants, and at the second point it consists of 150 
participants. The drop-out-rate of 55 percent is acceptable. As attrition bias has been shown to affect 
internal and external validity of survey research (Barry 2005). Chi-square tests (for categorical variables) 
and t-tests (for continuous variables) were performed to examine potential attrition bias. No statistically 
significant differences were found, which lead to the conclusion that the sample does not suffer from non-
random attrition bias (Kautonen et al. 2015).  
The final sample was largely female (60.7%). The average age of the participants was 34 with a standard 
deviation of 9.51 years. Almost three-quarters (73.4%) were married or living with a romantic partner. 
Among the participants, 17.3 percent had at least one child living at home. 63.3 percent of the sample 
received ICT from their employer organizations. The sample consists of white-collar workers from a wide 
range of organizations, which should enhance the generalizability of the findings. 
To ensure that WCBA was understood similarly, the definition mentioned above was presented to all 
participants. Participants could not skip past this definition for at least thirty seconds. A pilot test with 
nineteen white-collar workers was conducted to check the clarity of the instructions and questionnaire 
items (Cheung and To 2016). Thus, I tried to ensure that the questions are easy to understand and to 
respond to. Participants used a comments function to specify mistakes or a lack of clarity. The pilot test 
revealed no need for further modifications; only two orthographic mistakes were corrected. 
All TPB items were developed by following the recommendations for designing direct TPB measures 
(Fishbein and Ajzen 2010). WCBA was captured with the recommended TPB item (Fishbein and Ajzen 
2010). However, following the recommendations of other IS scholars (Boswell and Olson-Buchanan 2007; 
Richardson and Benbunan-Fich 2011) respondents were additionally asked to report the frequency (from 
“never” to “very often”). All background factor measures—such as habit strength (Verplanken and Orbell 
2003), flexplace, flextime (Brummelhuis et al. 2011) and segmentation preference (Kreiner 2006)—were 
drawn from well-validated scales with good psychometric properties. 
Attitude toward WCBA was measured using a seven-point evaluative semantic differential scale. All other 
TPB items were measured using multi-item Likert scales, ranging from 1 (“strongly disagree”) to 7 
(“strongly agree”) and for WCBA frequency from 1 (“never”) to 7 (“very often”). Table 1 provides an overview 
of the principal constructs including their Cronbach’s alphas (α) and composite reliabilities (CR). 
Results 
Preliminary Analyses 
Structural equation modeling (SEM) was applied to test the hypotheses, because the TPB constructs are 
operationalized as reflective latent variables and SEM allows us to account for measurement error. To check 
whether to use a parametric or a non-parametric method, I conducted a Mardia's test (Mardia 1970) on 
multivariate skewness (p = 0,39) and kurtosis (p = 0,26). The null hypothesis of multivariate normality is 
not rejected, so I reveal that the data is multivariate normally distributed. Therefore, a covariance-based 
SEM was selected. Moreover, I chose this method, instead of a variance-based one, because it has been 
shown to be superior in terms of theory testing (McIntosh et al. 2014; Rönkkö and Evermann 2013). 
Furthermore, the model quality heuristics of a covariance-based approach can identify a misspecified model 
and allows for testing the overall model fit (Rönkkö and Evermann 2013), thereby ensuring the ability to 
reject wrong models (Evermann and Tate 2010, p. 16).  
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Construct CR α Items 
WCBA 
(t2) 
.903 .90 
Within the past two months, I have used ICT to engage in 
work-related tasks during non-work time. 
Within the past two months, how often have you used ICT 
to engage in work-related tasks during non-work time?  
Intention 
(t1) 
.909 .88 
I intend to use ICT to engage in work-related tasks during 
non-work time in the next two months. 
I plan to use ICT to engage in work-related tasks during 
non-work time in the next two months. 
I expect to use ICT to engage in work-related tasks during 
non-work time in the next two months. 
Attitude 
(t1) 
.880 .88 
For me, the use of ICT to engage in work-related tasks 
during non-work time is: 
favorable [-] unfavorable 
enjoyable [-] unenjoyable 
good [-] bad 
Subjective Norms 
(t1) 
.930 .93 
It is expected of me that I use ICT to engage in work-
related tasks during non-work time. 
My direct supervisor expects me to use ICT to engage in 
work-related tasks during non-work time. 
My colleagues expect me to use ICT to engage in work-
related tasks during non-work time. 
PBC 
(t1) 
.767 .76 
I have the skills that are necessary to use ICT to engage in 
work-related tasks during non-work time. 
It is up to me whether I use ICT to engage in work-related 
tasks during non-work time. 
The use of ICT to engage in work-related tasks during 
non-work time lies under my responsibility. 
Flextime 
(t1) 
.852 .85 
I can decide myself as to when I begin the workday. 
I can work at a time schedule that I plan myself. 
I can decide the time slots I work in. 
Flexplace 
(t1) 
.826 .81 
I can choose at which location I work. 
I can decide where I work.  
I can work at locations that are convenient to me. 
Segmentation 
(t1) 
.912 .91 
I prefer to keep work life at work. 
I don't like work issues creeping into my private life. 
I don't like to have to think about work during my free 
time. 
Habit Strength 
(t1) 
.884 .90 
[WCBA definition] is something I do frequently. 
[WCBA definition] is something I do automatically. 
[WCBA definition] is something that’s typically “me”. 
[WCBA definition] is something I do without having to 
consciously remember. 
 
Table 1. Principal Constructs with Items 
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Following the two step approach of SEM (Anderson and Gerbing 1988), I conducted a confirmatory factor 
analyses (CFA) to assess the validity of the measurement model before testing the structural model. The 
CFA results showed an adequate fit between the model and the data, with χ2 (286) = 441.30, p= .000, CFI 
= .950, TLI = .938, RMSEA = .06 and all the standardized factor loadings significant (all over 0.7 and above 
1.0). To address discriminant validity, I tested whether the average variance extracted (AVE) for each 
construct was higher than the squared correlation between the constructs. To address convergent validity, 
I tested whether the AVE was higher than 0.5. As shown in Table 2, there were no validity concerns.  
 
AVE 1. 2. 3. 4. 5. 6. 7. 8. 9. 
 1. Habit Strength 0.656 0.810         
 2. Attitude 0.712 0.597 0.844        
 3. Subjective Norms 0.817 0.549 0.179 0.904       
 4. PBC 0.530 -0.042 0.191 -0.316 0.728      
 5. Intention 0.769 0.716 0.671 0.541 0.174 0.877     
 6. WCBA 0.823 0.689 0.547 0.441 0.163 0.801 0.907    
 7. Flextime 0.658 0.154 0.285 -0.039 0.264 0.407 0.300 0.811   
 8. Flexplace 0.646 0.310 0.291 0.193 0.142 0.359 0.371 0.583 0.804  
 9. Segmentation  0.777 -0.483 -0.552 -0.239 0.028 -0.445 -0.431 -0.187 -0.175 0.881 
There is an ongoing discussion about common method bias (CMB) that has, frequently been reported in 
survey research that uses self-reported measures. To deal with this potential problem, I applied a CFA 
marker technique (Williams et al. 2010). Two items referring to civil rights (“It is O.K. to criticize the 
government” and “There should be complete freedom of speech even for those who criticize the country”) 
were used (Kosterman and Feshbach 1989), which are theoretically unrelated to the substantive constructs 
of the study. I also conducted Harman’s single-factor test (Podsakoff et al. 2003), which showed that one 
factor explained less than 50 percent of the variance. Both tests indicate that CMB does not affect the model.  
Structural Model 
The structural relationships specified in the TPB were added to the model specification. Again, adequate fit 
to the data was shown, with χ2 (303) = 544.60, p= .000, CFI = .922, TLI = .909, RMSEA = .07. The results 
depicted as standardized path coefficients in Figure 2, largely support the theory. The R-squared values for 
intention and WCBA indicate that the predictive variables explain 65.8 percent of variance in intention, 
while intention and habit strength explain 61.8 percent of the variance in WCBA. 
As expected, intention to perform WCBA significantly predicts the actual WCBA, providing strong support 
for hypothesis 1. Hypothesis 2, which proposes that attitude is positively related to intention, also finds 
support. As the TPB posits the mediating role of intention, a bootstrapping test was conducted (Shrout and 
Bolger 2002; Zhao et al. 2010). The results indicate that the relationship between attitude and WCBA is 
mediated by intention (β = .307, p = .002). Hypothesis 3 finds support, as subjective norms are positively 
related to intention. In terms of indirect effects, the relationship between subjective norms and WCBA is 
mediated through intention (β = .233, p = .002). Furthermore, the structural model reveals a positive 
relationship between perceived behavioral control and the intention to perform WCBA, providing support 
for hypothesis 4. In addition, the bootstrapping results indicate the mediating role of intention in the 
relationship between perceived behavior control and WCBA (β = .511, p = .002). As all the direct effects of 
the predictor variables on WCBA are non-significant, the mediational mechanisms can be classified as “full 
mediations” or rather “indirect-only” (Zhao et al. 2010). 
Table 2. Factor Correlation Matrix with Square Root of the AVE on the Diagonal 
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In terms of background factors, the hypothesized role of habit strength is supported. As stated in hypothesis 
5, habit strength has a direct effect on WCBA. Surprisingly, it has also an indirect effect on WCBA via 
behavioral intention (β = .118, p = .005). However, it explains only 1 percent of the additional variance in 
intention. Hypothesis 6a, which propose that flextime is positively related to subjective norms is rejected. 
However, hypothesis 6b finds support, as flexplace is positively related to subjective norms. In terms of 
mediation, subjective norms mediate the effect of flexplace on intention (β = .561, p = .005). Hypothesis 7, 
which proposes that segmentation preference is negatively related to attitude toward WCBA finds support. 
Bootstrapping results further indicate an indirect effect of segmentation preference on behavioral intention 
via attitude (β = -.363, p = .001).  
 
Figure 2.  Structural Model with Standardized Path Coefficients 
Multiple-Group Analyses 
Multiple-group analyses that provide a rigorous test of differences in structural weights across groups are 
more efficient than separate analysis (Deng et al. 2005). Prior research has shown that WCBA may be 
affected by organizational distribution of ICT (Richardson and Benbunan-Fich 2011). Therefore, a multi-
group analysis was performed to compare the hypothesized predictions for employees who received ICT 
from the employer organization and those who did not. As prior research has also shown that technology 
use may be affected by gender (Morris and Venkatesh 2000), another multi-group analysis was conducted 
to address this issue. 
Before the structural parameters for the different groups are investigated, tests of configural and metric 
invariance must be examined (Williams et al. 2009). Adequate goodness of fit indices were obtained when 
a freely estimated model across the groups was analyzed. I conclude that the pattern of fixed and free 
parameters is equivalent across the different groups. As configural invariance was achieved, a metric 
invariance test was performed. Support for metric invariance was observed, as the chi-squared difference 
tests between the models with equality constraints between loadings and the models without the equality 
constraints were not statistically significant. It can be concluded that the groups are not different at the 
model level. To check the robustness of the model across groups, the unconstrained model for each 
grouping variable was compared with the constrained model. No significant differences were found. The 
changes of the chi-square statistic indicated, that the model remains robust regardless of the organizational 
distribution of ICT (Δχ2= 30.6, df = 25, p= 0.203) and gender (Δχ2= 29.3, df = 26 p= 0.298). 
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Discussion 
Theoretical Implications  
The current study contributes to the expanding field of research that investigates the use of ICT to engage 
in work-related tasks during non-work time (Fenner and Renn 2010; Gadeyne et al. 2018; Richardson and 
Thompson 2012; Schlachter et al. 2018), providing very valuable insights into why individuals perform 
WCBA.  
Overall, the results of the current study emphasize the value of the TPB in explaining WCBA. The average 
amount of variance explained in WCBA is even higher than it is in other behavioral domains, where the TPB 
is well established (Armitage and Conner 2001). Drawing on TPB, the study sets out solid theoretical 
fundamentals for understanding WCBA. The intention-behavior relationship remains robust regardless of 
gender and organizational distribution of ICT. This theory-building is important as research on this topic 
is still dispersed across disciplines without a clear theoretical basis (Schlachter et al. 2018). The results of 
the current study indicate that intention is the main driver of WCBA even if the behavior occurs partly on a 
habitual level.  
Attitude toward WCBA is a key motivational predictor of the intention to perform WCBA. Although this 
result seems plausible, the present study is the first empirical investigation of this relationship. Individuals 
form attitudes toward WCBA. The results provide evidence that these attitudes exert their impact on WCBA 
through intention. In addition, the socio-normative context seems to be very important. Subjective norms 
are strongly related to behavioral intention. The results indicate that individuals perceive social pressure to 
perform WCBA from their supervisors and colleagues, which consequently shapes their WCBA. This result 
supports the notions raised in qualitative research (Matusik and Mickel 2011; Mazmanian 2013) and is also 
consistent with two previous quantitative studies (Fenner and Renn 2010; Richardson and Benbunan-Fich 
2011). However, to the best of my knowledge, the current study is the first empirical study on this issue 
based on an European sample. Therefore, the current study may indicate that the socio-normative context 
related to WCBA holds across different country settings. This study, then, contributes to the international 
discourse on reconfigured subjective norms in a digital workplace, which alter expectations of constant 
availability and foster ICT-based interactions (Derks et al. 2015; Leonardi et al. 2004; Orlikowski 2007). 
Another interesting finding of the current study is that perceived behavioral control plays a crucial role in 
explaining WCBA. Previous studies have frequently ignored this issue by focusing only on the volitional 
elements of WCBA, implicitly assuming that WCBA is autonomous (Schlachter et al. 2018) or by explicitly 
arguing that it is completely voluntary in nature (Richardson and Benbunan-Fich 2011). The current study 
indicates that such is not the case, so. Future studies on WCBA are recommended to include perceived 
behavioral control as a predictor of WCBA. 
A major theoretical contribution of the paper is the extension of the TPB. Adding habit strength to the TPB 
can contribute to the prediction of behavior, thereby adding depth to the theory’s focus on intention as the 
overarching mechanism that explains behavior. Future TBP-studies might include habit as an additional 
predictor or at least control for it. Furthermore, this inclusion is an important domain-specific contribution. 
The current study is the first to combine intentional and the habitual mechanisms to explain WCBA. In 
contrast to previous thoughts, the current findings suggest that WCBA is not mainly driven by habit but is 
driven to a strong extent by intention. The results of the study support the long established view of 
psychologists that behavior can emerge from both conscious and non-conscious processing (Bandura 1985; 
Ouellette and Wood 1998). However, one unanticipated finding is that habit strength also directly affects 
behavioral intention. A possible explanation is that intentions are partly driven by incidence of past 
behavior, “with people reasoning that they performed (or did not perform) a behavior in the past and would 
continue to do so (or not) in the future” (Ouellette and Wood 1998). People who are uncertain to some 
extent about their intentions, might be especially likely to infer them from their past behavior (Wood et al. 
2005). However, the additional variance explained in intention is marginal.  
In addition, the study contributes to the literature by integrating segmentation preference as a background 
factor into the TPB. The results emphasizes the importance of including domain-specific background 
factors when applying the TPB – a factor that previous studies have frequently ignored. The study also 
contributes to our understanding of WCBA by providing evidence that segmentation preference acts as an 
antecedent of attitude toward WCBA, a finding that is in contrast to previous studies that have 
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conceptualized a direct effect of segmentation preference on WCBA (Adkins and Premeaux 2014; 
Richardson and Benbunan-Fich 2011; Senarathne Tennakoon et al. 2013). The results support the view that 
the relationship is not as simple as a direct effect would suggest. The results indicate that there is a direct 
effect neither on behavioral intention nor on actual behavior. Rather, the findings suggest that 
segmentation preferences shape attitudes toward WCBA, which in turn influence behavioral intention, the 
immediate antecedent of WCBA.  
Another background factor I shed light on is workplace flexibility. Senarathne Tennakoon et al. (2013) 
found a significant relationship between workplace flexibility and WCBA. However, they measured 
flexplace with only a single-item, aggregating it with other flexibility items into one flexibility construct. 
This approach is problematic, as the two types of flexibility are not interchangeable and aggregating them 
into a single construct may mask differential effects (Allen et al. 2013; Hill et al. 2010). Indeed, our findings 
indicate that only flexplace is related to subjective norms. This result contributes to the debate on the 
connectivity paradox (Leonardi et al. 2010; Putnam et al. 2014) by providing evidence that spatial flexibility 
may foster perceptions of connectivity pressures, perhaps thereby threatening potential benefits of 
distributed work arrangements. There are several possible explanations for differential effects regarding 
the two types of flexibility. First, flexplace is not as widespread as flextime (Parent-Thirion et al. 2016), so 
the perceived pressure to reciprocate for this special privilege could be stronger (Gajendran et al. 2015). 
Second, results from Golden (2007) have suggested that the prevalence of flexplace is negatively associated 
with co-worker satisfaction, what can be explained by the perception of increased scope and amount of 
workload experienced by those who remain in the office. Users of flexplace may feel the need to perform 
WCBA to support their colleagues to avoid a negative group mood in the long run (van Dyne et al. 2007). 
Limitations and Future Research 
Despite the comprehensiveness of the proposed theory and its empirical support, the current study has 
several limitations. These limitations should be considered when interpreting the results of the study and 
may provide inspiration for future research.  
One limitation could be associated with the sample. In line with many other studies on WCBA, a sample 
consisting of white-collar workers was used. For an initial test of the theory, this kind of sample was 
important, as WCBA is the most relevant to this population (Fenner and Renn 2010; Schlachter et al. 2018). 
However, the findings’ generalizability to other groups remains unclear. Future research could extend the 
sample to other groups of working adults.  
Another limitation results from the study’s design. Despite the time-lagged assessment of the intention-
behavior relationship, all predictive variables were measured at a single point in time. Therefore, the 
theorized relationships could not been tested regarding their causality. To test for mediation effects in a 
rigorous manner, future studies could measure all factors at both points in time. Alternatively, quasi-
experimental field studies could be a promising approach that would improve internal validity and permits 
causal inferences. 
Furthermore, rather than focusing on one specific technology artifact, WCBA was operationalized as a 
behavioral category that included a bundle of several artifacts, an approach that is common in studies on 
this phenomenon (Ďuranová and Ohly 2016) and in other TPB related research (Fishbein and Ajzen 2010). 
What the studied artifacts have in common is their portability. All these mobile devices (laptop, smartphone 
or tablet) can be considered as forms of remote access to the office (Bader and Kaiser 2017). However, they 
differ in terms of their level of portability and their affordance (Schrock 2015). As studied here, WCBA 
contains diverse activities, such as work-related smartphone use while on vacation to communicate with 
colleagues or work-related laptop use on weekends to use office functions. However, solely capturing three 
actions (using a smartphone, tablet, or laptop), three targets (mobile communication, using mobile office 
functions, or mobile information searches) and three contexts (evenings after work, weekends, or vacations) 
would result in an unmanageable amount of TPB items, without capturing any background factors or 
demographic variables. The current study aimed to explain WCBA as a holistic behavioral category that 
includes all of the elements that are frequently expressed in the literature (Ďuranová and Ohly 2016; 
Schlachter et al. 2018). However, future studies could build on the current research to determine whether 
the use of specific technological artifacts in specific contexts differs in terms of the intention-behavior 
relationship. This approach could be promising, as Richardson and Benbunan-Fich (2011) found that 
segmentation preference exerts its influence only when WCBA is enacted with handheld devices.  
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In line with the vast majority of empirical research on ICT use in general (Scharkow 2016) and almost all 
studies on the current topic (Ďuranová and Ohly 2016; Schlachter et al. 2018), the present study measured 
WCBA using self-reports rather than behavioral data. This is a limitation, as it has been shown that self-
report bias can threaten IS studies’ validity (Andrews et al. 2015; Reuver and Bouwman 2015; Scharkow 
2016). Therefore, the measured WCBA may not accurately reflect the actual WCBA. However, following 
recommendations from Scharkow (2016), I measured WCBA using a multiple-item scale, allowing to 
estimate item-specific random errors in the latent model. Future studies could rely instead on more 
objective log data in combination with self-ratings. This approach would also allow to capture whether 
WCBA was self-initiated or not. Given that log data are difficult and costly to collect and may come with 
privacy issues, most research on this topic will have to rely on self-reported data, even in the face of 
potentially biased results (Scharkow 2016). A promising alternative could be the use of diary studies with 
self-reported measures to capture short-term dynamics and reduce retrospective bias (Derks and Bakker 
2014; Ohly et al. 2010). 
Managerial Implications 
As many organizations have voiced the goal of limiting WCBA, the topic has become an important issue for 
managers and occupational psychologists. Designing appropriate strategies for changing WCBA depends 
on understanding its underlying mechanisms. Therefore, the current study has several implications for 
practice. The adoption of ICT has become ubiquitous in organizational life. Even though decision-makers 
should be aware of the potential downsides of ICT, they are not “good” or “bad” things, and they do not 
drive WCBA on their own. They are only an enabler of WCBA; but ultimately, the behavior is driven by 
individuals’ intention or sometimes by habit.  
The stated TPB predictors represent specific factors that managers and occupational psychologist might 
shape to affect the WCBA of employees. Most effective interventions that seek to change individuals 
intentions should provide new information that reduce the value of behavioral outcomes (Wood et al. 
2005). One possibility for shaping peoples’ attitudes is to carry out organizational campaigns that 
communicate either the advantages or disadvantages of WCBA, thus influencing the degree to which 
employees make favorable or unfavorable evaluations of WCBA. As I found subjective norms to be relevant 
to employees’ use of WCBA, such initiatives should also communicate connectivity guidelines that allow for 
sufficient employee recovery. Such policies should ensure that employees do not feel pressured to perform 
WCBA, particularly employees who enjoy a high degree of flexplace, as they may feel pressured to 
reciprocate their special privilege. Of course, the guidelines should correspond to the lived reality in the 
company. Perceived behavioral control is also found to be a predictor of the intention to perform WCBA, so 
a reasonable approach to affecting this factor could be a direct manipulation of actual control. Some 
organizations have undertaken such manipulation by disabling all employees’ access to its servers during 
weekends. However, a general shutdown may negatively affect employees with high levels of role 
integration preference. Therefore, a reasonable approach to this issue is to create individual possibilities to 
engage in WCBA but no obligation to do so. If an employees’ WCBA mainly occurs at a habitual level, 
disconnection might be helpful, as effective habit-changing interventions should limit exposure to stimulus 
cues (Wood et al. 2005). In sum, organizations should create a “right to disconnect” without undermining 
the “right to connect”.  
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